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Abstract

¢ In recent years, artificial intelligence ( Al) technology
has developed rapidly, and its practice and application in
the medical field have brought new possibilities to the
development of the medical industry. In the field of
general ophthalmology, Al technology based on machine
learning ( ML) has greatly improved the efficiency of
diagnosis, but less progress has been made in pediatric
ophthalmology. At present, Al technology has been
applied to the automatic detection of retinopathy of
prematurity ( ROP), pediatric cataracts, inspection of
strabismus and refractive error, prediction of high myopia
in the future, diagnosis of dyslexia through eye tracking
and research of ophthalmic images. This article reviews
the current status, progress, and future development of
Al in pediatric ophthalmology.
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A T. % g (artificial intelligence, Al) A S i
John Mc Carthy F 1956 4=4& , BT EMLEE— A
SC, R MUK TS SR R G, s
2#>J (machine learning, ML) /& N T8 GEA)— D EHEE L,
F 1959 4FE4% Arthur Samuel $2 H | $6 WEE TF B sh2= 2T )
ALTERBAE P AR 20z . e an S B e s i
BE i R 19— 21 R BB, B M IE AR SR A 2 e i A T
FRic, SRIG , ML B35 AT DL 2o 2 2 A5 A0 L 7E 45 8 AL
O T A RRIELE & 0I5 B0 T W00 B8 B AR IS i2 T, i T
FHARVEAS R A AH R FE 055 8 & (RVRAT AL B g2t
B th BN 2800 T 9 JB ) 1 ML AT A3 gt
o) R WE e o AR E A 2 R Bk B A 2T i
B RS A A B S 9 5 AR N Y A AR A AT
IR T o3 JERERY ;2 W B 2 o] HARi 1 — S48 5401 s o
WeBt 2] N EE F & IR bR £ b i AR =X DL R Ak 2
N B R R R B ) ik, MR E 2
(deep learning,DL) j& ML #9103k, H F 70 2 5 FR1F 32
B, 9 B AT 22 J2 400 B A I ZRA55 18 051) 00 3% B A 2 ) 4%
Jﬁ%iﬂﬁiéélﬁ]é%( convolution neural network , CNN) J&—F &
FH BT B 1A T MR B R R R B P 45 12
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AL JEG Pl A A I B o 2 9 2 g B 9 B3 3k £ v 76 il 4
HTIE I &0 A il 3 100 7 0 24 = o i 7 4
10, FER T LN A i A R N TE ) T B
FEhBET, —FIETHRL M A ROP [ 3hiHi A5
AT AR SR, 2K B R R USRI SR O L E ™ T ahiE
. i—-ROP-DL Fl Deep ROP IFH] T 5% & WL i — &k
PR b — S5 G B R ISR L 58 ML 5
B, X2 R gE ] L 7E T b B 4t B A R A B
i—ROP-DL B2 R HIxX — M &, 38 2k 26 4 2 =X 21 & 1o D Ak
R ROP = E P PE4 , 1% PF43 v] F AR50 1 & 0 i
Ak, 2L B AEL L 1T LA BERH I Pk A8 S 4 g 43 ) Bk
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7E ImageNet L iEATFUII 2R, R A THE LSS ARL A LAl

H AT ROP KM (1) 5 2% RE A% 2F 17 R BE 43 2%, Bl
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KT — B YR 0 22 R S04 R0 2 Fficd i 4 26 Y
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